%

1Computer Vision Laboratory
ETH-Zurich, Switzerland

2ESAT - PSI/IBBT
K.U. Leuven

ETH

Eidgendssische Technische Hochschule Ziirich
Swiss Federal Institute of Technology Zurich

B/w/

FABLO

=T \ '3 ?, ]
*Image taken from: H. Biilthoff 1cksso

Function can be seen as !

COMPLEMTARY .
cue for object detection. o7

chairs

Generalization
(function)

other sitable objects (non-chairs)

our approach
(8P=087)
24 obj det.
(aP=039)
.34 obj.det.
(4P =0.20)

T T
1
o9 -:
N | e o = ™y | T TR
( naf;
1 0 o1 02 03 04 05 05 07 08 09
07l recall
1
o o
s | Generalization
g e (training set size)
3D Scene = b , aiing sel size
e ]
—— 1 09
naf S I 0s
LT, L
0.2 || ==our approach (AP = 0.86) -l‘l o
’, m— COMBINED 2d obj.det. and our approach (AP = 0.92) S,
r% 0.1 ===2d obj.det. [Felzenszwalb et al.2010] (AP = 0.81)
! === =3d obj.det. [Knopp et al. 2010] (AP = 0.29)
o I T T I I I I T 1 03} === chair50 (AP =0.86) h.
0 0.1 02 03 0.4 0.5 06 07 o8 o9 1 = chair25 (AP =087) Ao,
02| = chair10 (AP =025) A
recall == =sitable 50 (AP = 0.67) \E
. . . 0.1f| ===sittable 25 (AP = 0.66)
“Imaglne" an actor to sit actor_object interaction e =
\ o1 02 03 04 05 06 07 08 09
mcall
. J

%) = ¥

Google Chair Dataset

Depth Camera

Structure from Motion

"#$ %&

(14 ) &*+*& " (-




666T ‘UOS|IeD

‘uonounj e ||iny o1
paleald alam eyl
19e]Ie aJe sdno
93J402 81| 13O
"asn papualul JIay}
Jo} 1daoxa — sireyd
. I[e 01 uowwo9
6,61 UOSQID sswel ul puly ued
9M 3| sl aisyL

[726T ‘uos|aN]

‘aA19219d am 1eyl ‘'suone|al
JO 30U8SSa 3y aJe 108} [euonouny uenoduwi

ul ‘pue pan@alad ase Buiney se ssynuspl
SOA|9SWIAY) S2UBPIOYY 1s11} s1193[qo uy

aoueleaddy
"SA UONoUNH

1019319 193lgO az yoeoidde ino



